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Abstract
This paper investigates the extent of the ight to quality e¤ect, in the aftermath of the
COVID outbreak, towards advanced economies. Within a generalized decline in foreign invest-
ment, we observe that advanced countries, with higher GDP per capita, belonging to the G7
group, or to the Euro area are signicantly less severly hit by the pandemic than emerging and
developing countries. In particular, comparing the growth in foreign liabilities at the end of the
rst and second quarter of 2020, the wedge between advanced economies and emerging countries
is about 4%, and is even larger for G7 countries. These ndings are particularly strong and
systematic in the rst quarter, and survive to the inclusion of COVID government stringency
measures, alternative measures of pandemics severity, and di¤erent sample specications.
Keywords: International Investments, COVID-19, ight to quality, stringency index.
JEL Classications: G11, G15, G30
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1 Motivation and relevance
Crisis periods induce lenders to rebalance their portfolios either in favor of domestic borrowers, the
so-called "ight home" e¤ect (Giannetti and Laeven (2012)), or in favor of safer assets, the so-called
"ight to quality" e¤ect (Briere et al. (2012)). As underlined by Godell (2020), there is scarce
literature on how epidemics impact nancial markets, and all imperfect parallels with other natural
disasters or terroristic attacks are hardly going to t the COVID phenomenon, due to its vast and
unprecedented nature.
Papadamou et al. (2021) identify ight-to-quality episodes when investigating the impact of the
recent COVID-19 pandemic on the time-varying correlation between stock and bond returns in ten
countries.
However, the ight to quality occurs not only across nancial instruments, but also towards
countries featuring a higher degree of perceived "quality".
The retrenchment in international capital ows during crisis periods is indeed an heterogeneous
phenomenon across regions, with peculiar di¤erences between emerging and developed economies
(Lane and Milesi-Ferretti (2017)). OECD (2020c) highlight that there will be a large cross-country
variation in foreign direct investments and portfolio investment, reproducing the familiar pattern,
whereby international investors transfer capital back home or invest in safer assets during periods of
uncertainty.
The stringent public health measures taken by government to limit the spread of the COVID-19
pandemic lead recession, erosion of condence and higher uncertainty (OECD (2020b)), and have
caused severe economic disruptions, with a signicant impact also on the foreign investment decisions
of rms (OECD (2020a)). Saurav et al. (2020) highlight that the COVID-19 crisis represents for
international enterprises a new and unprecedented source of investor risk that is depressing investor
condence. This e¤ect could be particularly important for emerging and developing economies, where
alternative domestic sources of nancing are scarce, so that the overall impact of the pandemic on
emerging economies may be particularly severe. The literature has indeed recently identied some
preliminary pieces of evidence suggesting an actual ight to quality away from emerging countries
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liabilities, as a consequence of the pandemic (Hevia and Neumeyer (2020); Levy yeyati and Valdés
(2020); Bolton et al. (2020)).
This paper aims at empirically testing the ight of international investment to advanced economies,
as a rst response to the COVID outbreak, in the rst two quarters of 2020.
Considering the growth in foreign liabilities to remove country xed e¤ects, and partialling out
the severity of the crisis and the stringency of the public containment policies, we conrm the ight
to quality of foreign investment, in the immediate aftermath of the COVID outbreak. Within a
generalized decline in foreign investment, we observe that advanced countries, with higher GDP
per capita, belonging to the G7 group, or to the Euro area are signicantly less severely hit by
the pandemic than emerging and developing countries. In particular, comparing the growth in
foreign liabilities at the end of the rst and second quarter of 2020, the wedge between advanced
economies and emerging countries is about 4%, and is even larger for G7 countries. These ndings
are particularly strong and systematic for the rst quarter, and survive to the inclusion of COVID
government stringency measures, alternative measures of pandemics severity, and di¤erent sample
specications.
The remainder of the paper is structured as follows. In Section 2, we sketch the estimable
equation. In Section 3, we describe the data and provide some descriptive statistics. In Section 4,
we report the results of the empirical analysis. Section 5 concludes.
2 Estimable equation
Our objective is to establish the presence of a ight of foreign investment to advanced economies, in
the immediate aftermath of the COVID-19 outbreak.
We regress the growth in foreign liabilities, at the end of the rst and second quarter of 2020, on
a binary variable indicating the group of advanced countries alternatively considered, and test the
signicance of the associated regression coe¢ cient.
Lets dene, rst, the growth of liabilities (L) in the rst quarter (q1) of 2020 as q1: it is
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the di¤erence between the liabilities at the end of the rst quarter (March 2020, 03_20) and the
liabilities at the end of 2019 (December 2019, 12_19), scaled by the liabilities at the end of 2019
(December 2019, 12_19):
L = q1  (L03_20 L12_19)=L12_19 (1)
We compute this growth in liabilities also for the rst semester of 2020 (s1):
L = s1  (L06_20 L12_19)=L12_19
To estimate the e¤ect of the "advanced country" binary variable (adv) on the growth in foreign
liabilities, L, we run the following regression:
L = + (adv) + controls+ " (2)
We are interested in the sign and size of the  coe¢ cient, to test the ight to quality hypothesis.
If advanced countries attract foreign inward investment, then we should observe a signicant positive
 coe¢ cient.
We trade-o¤a parsimonious specication, due to the low number of observations, with the need to
include time-varying regressors, which might contribute to explain the growth in foreign investments.
It is worth stressing that, since the dependent variable is dened in di¤erence form, we can ignore
any country-specic xed e¤ects, as these are removed by construction.
We include, rst, the (one-month lagged) growth in the Nominal E¤ective Exchange Rate (NEER),
because its change might have a¤ected foreign investment. Second, we control for the number of new
COVID-deaths per million of inhabitants, a direct health indicator of the epidemic (or, alternatively,
the number of new COVID-cases per million of inhabitants). Finally, we include the Stringency Index
(SI), a measure of the severity of the containment policy measures, adopted by di¤erent government
to react to the COVID spread.
To address the potential concerns about investment seasonality, we consider an alternative de-
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pendent variable measure, diffL, that is, the di¤erence between the 2020 L measure, as dened
in equation (1), and the corresponding measure in 2019. For instance, diffq1 is measure related
to the rst quarter, and is dened as follows:
diffq1  q12020 q12019 (3)
and analogously for the second quarter (or rst semester):
diffs1  s12020 s12019
To estimate the parameters in equation (2), we adopt a Robust Least Squares estimation. Ordi-
nary least squares estimators are sensitive to the presence of observations that lie outside the norm
for the regression model of interest. The sensitivity of conventional regression methods to these
outlier observations can result in coe¢ cient estimates that do not accurately reect the underlying
statistical relationship. Robust least squares refers to a variety of regression methods specically
designed to be robust, or less sensitive, to outliers. Among Robust least squares, we adopt the
M-estimation developed by Huber (1973).1
3 Data and descriptive statistics
We consider foreign liabilities of 53 countries, upon data availability, drawn from the International
Investment Position Statistics, released by the IMF: it provides information on foreign assets and
liabilities, classied in several categories and instruments, at a quarterly frequency.
The "advanced country", G7 and Euro area dummies follow the "Economy grouping" classica-
tion of the Fiscal Monitor database, released by the IMFs Fiscal A¤airs Department.
The high GDP per capita dummy is a time-invariant binary variable equal to 1 if the GDP per
capita is larger than the sample median, and 0 otherwise, and is drawn by the CEIC database.
1Our results are robust to other alternative Robust Least Squares methods, such as the S-estimation and the MM-
estimation. A standard OLS model and a Quantile regression at the median are run for comparison with our baseline
regression model, and convey consistent results (not reported, but are available upon request).
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The source of COVID-related data is a Github ongoing repository of data on coronavirus, the
Coronavirus Open Citations Dataset. We draw from this dataset the stringency index (SI), which
represents a proxy for the severity of the containment policy measures adopted, and the data about
new COVID-deaths and cases per million of inhabitants. These data are originally reported at a daily
frequency, but in order to match the quarterly frequency of the dependent variable, we construct
quarterly averages.
We include in our specication also the NEER (Nominal e¤ective exchange rate, broad index),
released by the Bank for International Settlements.
In Figure 1 and 2, we report the distribution and main descriptive statistics of the dependent
variable, the growth in foreign liabilities, at the end of the rst and second quarter.2 The left graph in
both gures relies on the  measure, as dened in equation (1), while right graph refers to the diff
measure, as dened in equation (3). We observe, rst, that the  measure is more negatively skewed
in the rst quarter, than in the second one. Second, the diff measure, as dened in equation (3),
is more negatively skewed than the corresponding  measure.
In Figure 3, we report the distribution and main descriptive statistics of the quarterly stringency
index. The left graph refers to the rst quarter, while the right graph refers to the second one. The
average stringency index, whose original values range 0.100, is about 19 in the rst quarter, while
is about 71 in the second quarter, thus disclosing the dramatic tightening of the anti-COVID 19
containment measures.
4 Regression analysis
In Table 1, we report the main ndings of our regression analysis under a Robust Least Squares
estimation, relative to the end of the rst quarter of 2020.3 The dependent variable is the growth
in foreign liabilities, as from equation (1). As anticipated in Section 2, we are forced to keep a
parsimonious specication, because we can rely on a quite limited country sample.
2In Figure 1 and 2, the growth in foreign liabilities are reported in %.
3All regressions reported have been run also under a standard OLS model and a Quantile regression computed to
the median of the dependent variable: results are qualitatively conrmed.
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It is worth stressing that the dependent variable is dened in di¤erence form, which allows us to
ignore any problem related to country-specic xed e¤ects, removed by construction.
Our regressor of interest is a binary indicator of economic development, to test the ight to
quality hypothesis, in the aftermath of the COVID outbreak, according to which foreign investors
would deviate their investments to more stable and developed economies.
We consider, rst, countries with a high GDP per capita, i.e., a GDP per capita larger than
the median (columns (1a) and (1b)). Then, the "advanced economies", as dened by the "Economy
grouping" classication of the Fiscal Monitor database, released by the IMF (columns (2a) and (2b)),
and two sub-groups, to detect eventual di¤erential e¤ects for the top advanced economies (G7, in
columns (3a) and (3b)), and for one specic developed area (Euro area countries, in columns (4a)
and (4b)).
We add to the econometric specication time-varying regressors, which might concur to explain
the growth in foreign investments.
First, we control for the number of new COVID-deaths.4 Indeed, the growing recent literature
about the impact of the COVID event on nancial markets generally converges on the evidence
of a signicant impact of COVID conrmed cases or deaths on nancial markets volatility and
liquidity. Albulescu (2020) empirically investigates the e¤ect of the o¢ cial announcements regarding
the COVID-19 new cases of infection and fatality ratio on the nancial markets volatility in the
United States, and nds that the coronavirus pandemic is an important source of nancial volatility.
Similarly, Baig et al. (2020) nd that increases in conrmed cases and deaths due to coronavirus in
the US are associated with a signicant increase in market illiquidity and volatility, while declining
sentiment and the implementations of restrictions and lockdowns contribute to the deterioration of
liquidity and stability of markets. Salisu and Vo (2020) nd that COVID-19 health-news trends are
good predictor of stock returns since the emergence of the pandemic. Ashraf (2020) nds that stock
markets in 64 countries responded negatively and quickly to the growth in COVID-19 conrmed
cases, with a response varying over time and depending on the stage of outbreak.
4In Table 4, as a robustness check, we include as an alternative the covariate "new COVID cases per mn of
inhabitants".
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Then, in columns (#b), we add the stringency index (SI) to the econometric specication. As
pointed out by Hale et al. (2020), as the disease has spread around the world, the governments
restriction policies have di¤ered across countries and over time: some have rapidly introduced very
strict measures in the immediate aftermath of the crisis, such as total lockdown, and then have
removed them, as a consequence of a reduction in community transmission; other countries instead
reacted with less severe rise and fall of containment measures, as small outbreaks occurred. Foreign
investors could be averted from investing in a country adopting more radical stringency measures,
because it could entail a recession period making less protable the assets issued by that country.
Conversely, foreign investors could be even allured by the assets issued by countries adopting more
radical containment policies, because these could be perceived as a severe immediate cost to avoid
even higher costs in the near future. Therefore, we control for this index.
Finally, we include the (one-month lagged) change in the Nominal E¤ective Exchange Rate
(NEER), a measure of the appreciation of the economys currency against a broad basket of curren-
cies, because its change might have a¤ected foreign investment.5
First of all, we observe a signicant negative coe¢ cient of the constant term. When including the
group dummy, the constants coe¢ cient represents the average dynamic of the dependent variable
(growth in foreign liabilities) for the excluded group: for instance, in columns (1a) and (1b), the
constants coe¢ cient captures the average dynamic of the dependent variable for "non-advanced"
economies. The size and signicance of the constants coe¢ cient is then consistent with the average
decrease in foreign investment after the COVID outbreak, already observed in Figure 1. Depending
on the grouping dummy considered, this general decrease ranges from -3.5% to -9.3%.
We observe that the quarterly average COVID-related covariates and the stringency index do not
a¤ect inward investment, and also the appreciation of the nominal exchange rate has no impact. The
coe¢ cients of the grouping dummies are instead positive, statistically signicant and economically
relevant. In the rst two columns, the grouping dummy is equal to 1 if the considered country has a
GDP per capita above the median: in this case the growth of foreign liabilities in countries with GDP
5We include its one-month lagged value, to avoid endogeneity issues.
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per capita below the median is equal to -7% (constants coe¢ cient), while the drop shrinks to -3%
(=-7%+4%) for high GDP per capita economies. The pattern of coe¢ cients in the table is conrmed
across di¤erent grouping classications, and is only modestly a¤ected by the introduction of the
stringency index. Interestingly, when considering the G7 group, the positive associated coe¢ cient is
even larger than the constants coe¢ cient, thus suggesting that these countries have been even able,
in the rst quarter of 2020, to attract about 3 to 4% higher inward investment relative to the end of
2019, likely diverting foreign investment from other countries.
Table 2 replicates Table 1, but considers the diff measure dened in equation (3), in order
to address concerns about investment seasonality. The coe¢ cientspattern is very close to the one
in Table 1, with a noticeable di¤erence for the G7 group, which displays a substantial stability in
foreign liabilities: in column (3a) the positive coe¢ cient is (in absolute terms) slightly below the
negative constants coe¢ cient, while in column (3b) the positive coe¢ cient is slightly above, with an
approximate null balance. This result is anyway quite remarkable, in a context of global retrenchment
and general decline in foreign investment.
Table 3 reports the results of Table 1 and 2, but relative to the end of the second quarter,so that
the dependent variable is the growth in liabilities at a one-semester distance. For the sake of brevity,
we report only the relevant regressors, i.e., the grouping dummies and the constant. The upper part
of the table (panel I) refers to the  measure, while the bottom part (panel II) refers to the diff
measure. We observe that the wedge between high and low GDP per capita economies persists
also in the second quarter, while ndings are less stable and systematic for the other groupings,
depending on the regression specication (column (#a) vs. column (#b)), and on the dependent
variable specication (panel I vs. panel II).
In Table 4 and 5, we undergo our ndings to two sensitivity analyses.
In Table 4, we include in the pool of controls the variable "new COVID-cases per mn of inhab-
itants", as an alternative to "new COVID-deaths per mn of inhabitants". Ashraf (2020) nd that
stock markets reacted more proactively to the growth in number of conrmed cases as compared to
the growth in number of COVID deaths. We therefore check whether our ndings are a¤ected by the
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introduction of this alternative covariate. We consider, within the same table, both the rst quar-
ter and the second quarter results (columns (#a) and (#b), respectively), and the two alternative
dependent variable specications (panel I and panel II).
We observe a pattern qualitatively very similar to one in the previous tables. Advanced and high
GDP per capita economies display a signicant wedge in the growth of foreign liabilities compared
to low GDP per capita and non-advanced economies, both at the end of the rst quarter and at the
end of the rst semester of 2020. A signicant wedge also persists for the G7 and the Euro area
sub-groups at the end of the rst quarter, while it is no longer present in the second quarter.
In Table 5, we test whether our ndings for the rst quarter of 2020 survive to the exclusion from
the sample of some countries that could have driven the results. Again, the upper part of the table
(panel I) refers to the  measure, while the bottom part (panel II) refers to the diff measure.
In columns (#a), we exclude China from the sample of countries. China has been the rst country
to be struck by the COVID spread, several weeks before other countries. Our ndings could therefore
have been distorted by Chinas asynchronic timing of lockdown and loosening measures, in the rst
and second quarter.
In columns (#b) of Table 5, we exclude from the sample potential o¤shore nancial centres,
following the classication proposed by Damgaard et al. (2018), to make sure our results are not
driven by economies distorting investorsdecisions for reasons hard to control in our analysis.6 From
our original sample, Hong Kong, Ireland, Luxembourg, the Netherlands and Singapore are excluded.7
Interestingly, the exclusion of China and o¤shore centres makes our ndings for the rst quarter
of 2020 even stronger: in particular, the G7 results highlight the systematic catalyst e¤ect of the top
developed countries on foreign investment.
Table 6 replicates Table 5 for the second quarter liabilitiesgrowth, and conrms the previous
tablesndings: in the second quarter, we appreciate a signicant wedge in liabilitiesgrowth for
6Damgaard et al. (2018) report that "the eight major pass-through economies the Netherlands, Luxembourg,
Hong Kong SAR, the British Virgin Islands, Bermuda, the Cayman Islands, Ireland, and Singapore host more than
85 percent of the worlds investment in special purpose entities, which are often set up for tax reasons".
7Alternative o¤shore classications (Zoromé (2007) and Lane and Milesi-Ferretti (2017)) deliver qualitatively similar
results.
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advanced and high GDP per capita countries, while the results for the two sub-groups (G7 and Euro
area) are less systematic.
5 Conclusions
This paper investigates the extent of the ight to quality e¤ect, in the aftermath of the COVID
outbreak, towards advanced economies. Within a generalized decline in foreign investment, we
observe that advanced countries, with higher GDP per capita, belonging to the G7 group, or to the
Euro area are signicantly less severely hit by the pandemic than emerging and developing countries.
In particular, comparing the growth in foreign liabilities at the end of the rst and second quarter
of 2020, the wedge between advanced economies and emerging countries is about 4%, and is even
larger for G7 countries. These ndings are particularly strong and systematic for the rst quarter,
and survive to the inclusion of COVID government stringency measures, alternative measures of
pandemics severity, and di¤erent sample specications.
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Figure 1. First quarter growth in foreign liabilities
This gure reports the main statistics and the distribution of the percentage growth in foreign liabilities
at the end of the rst quarter of 2020. Panel 1) refers to the q1(%) as dened in equation (1), while panel
2) refers to the diffq1(%), as dened in equation (3).
Figure 2. Second quarter growth in foreign liabilities
This gure is the same as Figure 1, but the growth rate refers to the end of the second quarter of 2020.
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Figure 3. Stringency index: within-country average (by quarter)
This gure reports the distribution and main descriptive statistics of the average within-country Strin-
gency Index, SI, in the rst quarter of 2020 (panel 1) and in the second quarter of 2020 (panel 2).
Table 1. Main ndings: q1
This table reports the results of a Robust Least Squares regression (M-estimation), as from equation
(2). The dependent variable is the growth in foreign liabilities at the end of the rst quarter of 2020, dened
as from equation (1). ***, **, and * indicate signicance at the 1, 5, and 10% levels, respectively.
∆q1 (mar2020-dec2019)/dec2019
high_GDPcap advanced G7 Euro area
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.071 *** -0.093 *** -0.068 *** -0.081 *** -0.040 *** -0.035 ** -0.053 *** -0.064 ***
( 0.015 ) ( 0.027 ) ( 0.013 ) ( 0.024 ) ( 0.007 ) ( 0.017 ) ( 0.009 ) ( 0.020 )
high_GDPcap 0.040 ** 0.047 **
( 0.018 ) ( 0.019 )
advanced 0.040 ** 0.041 **
( 0.016 ) ( 0.017 )
G7 0.073 *** 0.075 ***
( 0.020 ) ( 0.021 )
Euro area 0.038 ** 0.040 **
( 0.016 ) ( 0.017 )
new COVID deaths per mn 0.004 0.000 0.003 -0.001 -0.015 -0.013 -0.008 -0.011
( 0.023 ) ( 0.025 ) ( 0.024 ) ( 0.026 ) ( 0.020 ) ( 0.021 ) ( 0.023 ) ( 0.025 )
∆ NEER (1-month lag) 0.558 0.546 0.589 0.493 0.620 0.650 0.591 0.539
( 0.536 ) ( 0.569 ) ( 0.554 ) ( 0.578 ) ( 0.456 ) ( 0.477 ) ( 0.504 ) ( 0.533 )
stringency index (SI) 0.001 0.001 0.000 0.001
( 0.001 ) ( 0.001 ) ( 0.001 ) ( 0.001 )
#obs 53 53 53 53 53 53 53 53
R2 0.07 0.09 0.11 0.10 0.11 0.11 0.09 0.10
Main findings
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Table 2. Main ndings: diffq1
This table is the same as Table 1, but the dependent variable is constructed following equation (3).
diff∆q1 [(mar2020-dec2019)/dec2019 - (mar2019-dec2018)/dec2018]
high_GDPcap advanced G7 Euro area
(1a) (1b) (1a) (1b) (1a) (1b) (1a) (1b)
constant -0.096 *** -0.101 *** -0.085 *** -0.089 *** -0.059 *** -0.051 *** -0.075 *** -0.080 ***
( 0.015 ) ( 0.025 ) ( 0.013 ) ( 0.023 ) ( 0.007 ) ( 0.015 ) ( 0.009 ) ( 0.020 )
high_GDPcap 0.044 ** 0.041 **
( 0.018 ) ( 0.018 )
advanced 0.034 ** 0.032 *
( 0.017 ) ( 0.017 )
G7 0.052 *** 0.055 ***
( 0.019 ) ( 0.019 )
Euro area 0.038 ** 0.037 **
( 0.016 ) ( 0.017 )
new COVID deaths per mn 0.009 0.007 0.008 0.009 -0.006 -0.003 -0.003 -0.001
( 0.022 ) ( 0.023 ) ( 0.024 ) ( 0.025 ) ( 0.019 ) ( 0.020 ) ( 0.023 ) ( 0.025 )
diff∆ NEER (1-month lag) 0.266 0.188 0.270 0.246 0.076 0.064 0.268 0.319
( 0.376 ) ( 0.373 ) ( 0.390 ) ( 0.396 ) ( 0.301 ) ( 0.298 ) ( 0.350 ) ( 0.368 )
stringency index (SI) 0.000 0.000 -0.001 0.000
( 0.001 ) ( 0.001 ) ( 0.001 ) ( 0.001 )
#obs 53 53 53 53 53 53 53 53
R2 0.08 0.07 0.07 0.07 0.06 0.07 0.09 0.08
Main findings
Table 3. Main ndings: s1 and diffs1
This table replicates Table 1 and 2, but relative to the second quarter of 2020. In particular, in panel I,
the dependent variable is constructed following the structure of equation (1), while in panel II, the dependent
variable follows the structure of equation (3).
I. ∆s1 (jun2020-dec2019)/dec2019
high_GDPcap advanced G7 Euro area
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.030 *** -0.034 -0.018 * -0.033 0.003 0.002 0.000 -0.001
( 0.010 ) ( 0.030 ) ( 0.010 ) ( 0.034 ) ( 0.007 ) ( 0.030 ) ( 0.009 ) ( 0.032 )
high_GDPcap 0.040 *** 0.041 ***
( 0.011 ) ( 0.013 )
advanced 0.030 ** 0.033 **
( 0.012 ) ( 0.014 )
G7 0.030 * 0.030
( 0.018 ) ( 0.019 )
Euro area 0.013 0.014
( 0.013 ) ( 0.014 )
#obs 51 51 51 51 51 51 51 51
R2 0.34 0.35 0.31 0.33 0.33 0.32 0.29 0.28
II. diff∆s1 [(jun2020-dec2019)/dec2019 - (jun2019-dec2018)/dec2018]
high_GDPcap advanced G7 Euro area
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.055 *** -0.057 -0.067 *** -0.073 -0.036 *** -0.024 -0.047 *** -0.052
( 0.015 ) ( 0.046 ) ( 0.013 ) ( 0.046 ) ( 0.009 ) ( 0.038 ) ( 0.009 ) ( 0.035 )
high_GDPcap 0.024 0.041 **
( 0.017 ) ( 0.019 )
advanced 0.043 *** 0.046 **
( 0.016 ) ( 0.018 )
G7 -0.001 -0.001
( 0.022 ) ( 0.023 )
Euro area 0.028 ** 0.028 *
( 0.014 ) ( 0.015 )
#obs 51 51 51 51 51 51 51 51
R2 0.15 0.20 0.19 0.21 0.15 0.15 0.17 0.16
other controls: new COVID deaths per mn/new COVID cases per mn, (lag) NEER, Stringency Index (SI)
Main findings
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Table 4. Sensitivity analysis: "new COVID-cases per mn"
This table replicates previous tables, with the exception that the covariate "new number of COVID
deaths per mn" is replaced by the covariate "new cases of COVID per mn".
new COVID cases
high_GDPcap advanced G7 Euro area
∆q1 ∆s1 ∆q1 ∆s1 ∆q1 ∆s1 ∆q1 ∆s1
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.092 *** -0.032 *** -0.086 *** -0.029 -0.035 * 0.005 -0.057 *** 0.004
( 0.026 ) ( 0.032 ) ( 0.023 ) ( 0.035 ) ( 0.018 ) ( 0.030 ) ( 0.019 ) ( 0.032 )
high_GDPcap 0.049 ** 0.040 ***
( 0.019 ) ( 0.014 )
advanced 0.048 *** 0.033 **
( 0.018 ) ( 0.014 )
G7 0.070 *** 0.025
( 0.020 ) ( 0.018 )
Euro area 0.039 ** 0.013
( 0.017 ) ( 0.014 )
new COVID cases per mn 0.000 0.000 -0.001 0.000 0.000 0.000 -0.001 0.000
( 0.001 ) ( 0.000 ) ( 0.001 ) ( 0.000 ) ( 0.001 ) ( 0.000 ) ( 0.001 ) ( 0.000 )
#obs 53 51 53 51 53 51 53 51
R2 0.09 0.35 0.13 0.34 0.11 0.34 0.10 0.30
high_GDPcap advanced G7 Euro area
diff∆q1 diff∆s1 diff∆q1 diff∆s1 diff∆q1 diff∆s1 diff∆q1 diff∆s1
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.104 *** -0.064 -0.082 *** -0.072 -0.053 *** -0.025 -0.076 *** -0.055
( 0.024 ) ( 0.048 ) ( 0.021 ) ( 0.048 ) ( 0.016 ) ( 0.039 ) ( 0.019 ) ( 0.038 )
high_GDPcap 0.042 ** 0.040 **
( 0.019 ) ( 0.020 )
advanced 0.027 0.039 **
( 0.017 ) ( 0.018 )
G7 0.054 *** -0.007
( 0.018 ) ( 0.022 )
Euro area 0.033 ** 0.020
( 0.017 ) ( 0.016 )
new COVID cases per mn 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
( 0.001 ) ( 0.000 ) ( 0.001 ) ( 0.000 ) ( 0.001 ) ( 0.000 ) ( 0.001 ) ( 0.000 )
#obs 53 51 53 51 53 51 53 51
R2 0.07 0.18 0.05 0.16 0.07 0.15 0.07 0.12
other controls: (lag) NEER, Stringency Index (SI)
I. ∆q1 & ∆s1
Sensitivity analysis
II. diff∆q1 & diff∆s1
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Table 5. Sensitivity analysis: sample specication (rst quarter)
This table replicates previous tables relative to the rst quarter of 2020, when the sample excludes China
(columns (#a)), or o¤shore countries (columns (#b)), according to the classication in Damgaard et al.
(2018).
sample specification (q1)
high_GDPcap advanced G7 Euro area
No China No offshore No China No offshore No China No offshore No China No offshore
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.085 *** -0.090 *** -0.077 *** -0.085 *** -0.013 -0.032 * -0.058 ** -0.061 ***
( 0.030 ) ( 0.029 ) ( 0.028 ) ( 0.026 ) ( 0.021 ) ( 0.018 ) ( 0.025 ) ( 0.020 )
high_GDPcap 0.054 *** 0.047 **
( 0.019 ) ( 0.020 )
advanced 0.045 ** 0.046 **
( 0.018 ) ( 0.019 )
G7 0.082 *** 0.076 ***
( 0.020 ) ( 0.022 )
Euro area 0.040 ** 0.048 ***
( 0.018 ) ( 0.018 )
#obs 52 49 52 49 52 49 52 49
R2 0.11 0.10 0.13 0.14 0.13 0.12 0.10 0.13
high_GDPcap advanced G7 Euro area
No China No offshore No China No offshore No China No offshore No China No offshore
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.116 *** -0.104 *** -0.087 *** -0.087 *** -0.034 * -0.048 *** -0.073 *** -0.074 ***
( 0.030 ) ( 0.027 ) ( 0.029 ) ( 0.025 ) ( 0.020 ) ( 0.016 ) ( 0.026 ) ( 0.019 )
high_GDPcap 0.060 *** 0.045 **
( 0.019 ) ( 0.020 )
advanced 0.036 ** 0.033 *
( 0.018 ) ( 0.019 )
G7 0.064 *** 0.056 ***
( 0.019 ) ( 0.020 )
Euro area 0.036 ** 0.043 **
( 0.018 ) ( 0.017 )
#obs 52 49 52 49 52 49 52 49
R2 0.12 0.09 0.09 0.08 0.08 0.08 0.08 0.11





Table 6. Sensitivity analysis: sample specication (second quarter)
This table replicates Table 5, but is referred to the second quarter of 2020.
sample specification (s1)
high_GDPcap advanced G7 Euro area
No China No offshore No China No offshore No China No offshore No China No offshore
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.041 -0.032 -0.035 -0.035 0.002 0.008 0.001 0.002
( 0.032 ) ( 0.033 ) ( 0.035 ) ( 0.037 ) ( 0.031 ) ( 0.032 ) ( 0.033 ) ( 0.033 )
high_GDPcap 0.046 *** 0.043 ***
( 0.015 ) ( 0.015 )
advanced 0.035 ** 0.038 **
( 0.014 ) ( 0.015 )
G7 0.030 0.027
( 0.020 ) ( 0.021 )
Euro area 0.014 0.021
( 0.014 ) ( 0.015 )
#obs 50 47 50 47 50 47 50 47
R2 0.36 0.38 0.34 0.38 0.32 0.35 0.29 0.35
high_GDPcap advanced G7 Euro area
No China No offshore No China No offshore No China No offshore No China No offshore
(1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b)
constant -0.085 * -0.059 -0.079 * -0.079 -0.023 -0.021 -0.051 -0.060 *
( 0.048 ) ( 0.050 ) ( 0.047 ) ( 0.050 ) ( 0.038 ) ( 0.041 ) ( 0.036 ) ( 0.036 )
high_GDPcap 0.061 *** 0.043 **
( 0.020 ) ( 0.021 )
advanced 0.049 *** 0.049 **
( 0.019 ) ( 0.019 )
G7 -0.001 -0.004
( 0.024 ) ( 0.026 )
Euro area 0.029 * 0.037 **
( 0.015 ) ( 0.015 )
#obs 50 47 50 47 50 47 50 47
R2 0.22 0.22 0.19 0.22 0.15 0.16 0.16 0.17














Source: International Investment Position Statistics (IMF)
Baseline sample
Argentina, Australia, Austria, Belgium, Brazil, Bulgaria, Canada, Chile, China, Colombia, Croa-
tia, Cyprus, Czech Republic, Denmark, Estonia, Finland, France, Germany, Greece, Hong Kong,
Hungary, Iceland, India, Indonesia, Ireland, Israel, Italy, Japan, Latvia, Lithuania, Luxembourg,
Malaysia, Netherlands, New Zealand, Norway, Peru, Philippines, Poland, Portugal, Romania, Russia,
Saudi Arabia, Singapore, Slovakia, Slovenia, South Africa, South Korea, Spain, Sweden, Switzerland,
Thailand, Turkey, United Kingdom, United States.
O¤shore countries
In Tables 5 and 6 (columns (#b)), we restrict the sample to exclude potential o¤shore countries,
following the classication specied in Damgaard et al. (2018). From our original sample, Hong
Kong, Ireland, Luxembourg, the Netherlands and Singapore are excluded.
A.2 Regressors
Main regressor
High GDP per capita
The regressor included is a binary variable equal to 1 if the GDP per capita is larger than the
sample median, and 0 otherwise.
GDP per capita (year: 2019, or latest available data).
Source: CEIC data
Advanced, G7, Euro area
The regressor included is a binary variable equal to 1 if the country belongs to the "advanced",
"G7", or "Euro area" group, respectively, and 0 otherwise.
Source: Fiscal Monitor database, IMFs Fiscal A¤airs Department.
Other controls
New COVID death per mn
This is a daily variable, reported by the countriesauthorities. In our analysis, we consider the




New COVID cases per mn
This is a daily variable, reported by the countries authorities. In our analysis, we consider




The Stringency Index is a daily aggregate measure of the overall stringency of containment and
closure policies. It is calculated by taking the ordinal value and adding a weighted constant if
the policy is general rather than targeted, if applicable, which are then re-scaled by their max-
imum value to create a score between 0 and 100. More information can be found at Oxfords
Government Response Tracker, https://www.bsg.ox.ac.uk/research/research-projects/coronavirus-
government-response-tracker
In our analysis, we consider and report as regressor the quarterly overall mean of the daily
stringency index (SIj), computed within each country over the corresponding quarter.
Source: https://github.com/OxCGRT/covid-policy-tracker
Nominal E¤ective Exchange Rate
BIS e¤ective exchange rate Nominal, Broad Indices Monthly averages; 2010=100. The NEER
regressor is included with the same structure as the dependent variable. For instance, if the de-
pendent variable is q1; as dened in equation (1), then the regressor included is (NEER03_20  
NEER12_19)=NEER12_19
Source: Bank for International Settlements
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